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general business activities, with varying business reports and 
data analysis, but without modules for further data processing, 
analysis and support for decision making, where forecasting 
and inventory control models belong. 
 Predictions of inventory investment by use of forecasting 
(i=1) and inventory control (i=2) as independent variables 
individually are defined in simple linear regression equation 
(1). Many regression models for prediction of inventory 
investment by use of both forecasting and inventory control 
models as independent variables were analyzed, but the best 
results were obtained using quadratic multiple regression 
equation (2): 

ݕ ൌ ଴ߚ ൅ ଵߚ ·  ௜            (i=1, 2)            (1)ݔ
  

ݕ ൌ ଴ߚ ൅ ଵߚ · ଵݔ ൅ ଶߚ · ଵଶݔ ൅ ଷߚ · ଶݔ ൅ ସߚ · ଶଶݔ   (2)
 
where: 
y  –  predicted dependent variable,  
x1 – applied forecasting model, 
x2 – applied inventory control model, 
βo – intercept, 
β1 to β4 – regression coefficients. 
      
     Null and alternative hypothesis for two simple linear 
regression models given by equation (1) are defined in 
hypothesis testing formulas (3): 
 

H0: β1 = 0 
Ha: β1 ≠ 0                                       (3) 

 
     Null and alternative hypothesis for the model given by 
quadratic multiple regression equation (2) are defined in 
hypothesis testing formulas (4): 
 

H0: β1 = β2 = β3 = β4 =0 
Ha: at least one βi ≠ 0 (i=1, 2, 3, 4)                  (4) 

      
     Analysis of variance (ANOVA) for model defined by 
equation (1) for i=1 is shown in Table 2. ANOVA shows F 
ratio value of 0,369. Corresponding critical value for F is 4,2 at 
0,05 significance level, for df1=1 and df2=28. Value of F ratio 
and p value show that relationship is very poor.  
     Analysis of variance (ANOVA) for model defined in 
equation (1) for i=2 is shown in Table 2. It shows F ratio value 
of 0,365. Corresponding critical value for F is 4,2 at 0,05 
significance level, for df1=1 and df2=28. Value of F ratio and p 
value show that relationship is very poor. 
     Analysis of variance (ANOVA) for model defined in 
equation (2) is shown in Table 3. It shows F ratio value of 
0,980. Corresponding critical value for F is 2,7587 at 0,05 
significance level, for df1=4 and df2=25. Value of F ratio and p 
value show that relationship is very poor. 
 

  i df SS MS F p 

R 1 
2 

1 
1 

272,972 
270,292 

272,972 
270,292 

0,369 
0,365 

0,5485
0,5505

E 1 
2 

28 
28 

20719,423 
20722,103 

739,979 
740,075 

 

T 1 
2 

29 
29 

20992,395 
20992,395 

  

Tab. 2. Analysis of variance (ANOVA) for simple linear 
regression model given by equation (1) for i=1, 2 
 

df SS MS F p 

R 4 2746,341 686,585 0,980 0,4362 

E 25 17514,034 700,561     

T 29 20260,375       
Tab. 3. Analysis of variance (ANOVA) for quadratic multiple 
regression model given by equation (2) 

4. CONCLUSION 
      
 For all three above described models it can be concluded 
that the null hypothesis cannot be rejected at 0,05 level.  For two 
simple linear regression models (i=1, 2) F-ratio and p-value are 
used for testing whether the regression slope equals zero. The 
significance of both models is tested by comparing calculated 
with critical F value obtained from the table and by comparing 
p-value with given alpha level of significance. Since p-values in 
both cases are greater than 0,05 and calculated F values in both 
models are lower than critical F values obtained from the table, 
the null hypothesis cannot be rejected. Since the null hypothesis 
cannot be rejected at 0,05 level and regression slope 
coefficients equal to zero, developed simple linear regression 
models do not explain variability of inventory investment by 
knowing variability of independent variable. For multiple 
regression model (2) F-ratio is used for testing whether the 
regression model explains a significant percentage of the 
variability in dependent variable and whether the overall model 
is significant. Since p-value is greater than 0,05 and calculated 
F value is lower than critical F value obtained from the table, 
the null hypothesis cannot be rejected. Since the null hypothesis 
cannot be rejected and all regression coefficients equal to zero, 
developed multiple regression model is of no use in explaining 
variability of inventory investment by knowing variability of 
independent variables. 
 Future research should include more relevant independent 
variables to get a model that explains significant percentage of 
variation in inventory investment decision making.  
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